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Effectlve resource management and restoratlon of the Everglades relies on a

pl,annlng meetings. To support Everglades restoration and ecosystem

management, there are weekly and monthly multi-agency

meetings regarding the effects of water-management

operations on a species of concern. Often there are

e time delays in providing the most recent data and ‘
o Ecological ¢ model-result evaluation to decision makers due >

Acquisition VILEILI-S . to time required for data acquisition, data

Figure 2. The automated data acquisition step for the online ecological decision

support system. One critical dataset is the daily Everglades Depth Estimation

Network (EDEN, Telis and others, 2014) hydrologic data for the entire freshwater |
portion of the Greater Everglades from 1991 to present (2015) (Conrads and others,

® ® processing model execution and model post_ 2014). These data are updated daily and are readily available using the EDEN [
. (] ! ? . _’ ) Thematic Real-time Environmental Distributed Data Services (THREDDS) server. ‘
p rocessin g T h e 1N t e g ra‘t 10N of re al -t| me The automated system will be collecting data from additional sources including the
® i National Oceanic and Atmospheric Administration (NOAA) to meet other modeling
° hyd rOIOg ic d A LE ecol odg ical models requirements for Everglades species.
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AN automated online

" ecological decision support

the online real-time ecological decision support SyStem (DSS) haS been developed

system. The web-based tool is designed with flexibility .

that encourages its use as a standard frameworkfor ~ TOF data aCQLHSItlon from external sources,
future addition of evaluation models for other species. . . .

evaluation modeling, and display of

ecological model results, summary evaluation

reports (http://www.cloudacus.com/simglades/

ryv.php). The pilot application integrates a wood stork (Mycteria

ing model into the DSS. Wading birds are a high priority indicator with a

Figure 3. Elements of the automated ecological model execution. The model,
Everglades Wood Stork Foraging Probability Index (STORKI v. 2.4.2; LoGalbo and
others, 2012), calculates wood stork foraging probabilities in the Everglades
freshwater marshes based on estimated water depth and recession rates.
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oto showing wood storks in "e Everglades Agricultural

Area, Palm Beach County, Florida.
Photograph courtesy of Elise Pearlstine.

Figure 4. Examples of
information provided by the
ecological DSS including A)
map showing wood stork

The online ecological DSS acquires and preprocesses monitoring data from multiple
external sources to perform weekly ecological model simulations and evaluations. The
principal data flow and model execution steps of the DSS are shown on fig. 1. The initial
step of daily data acquisition from various sources is accomplished using a daemon
process (fig. 2). The next step of the automated process is pre-processing the data and
execution of the wood stork model (fig. 3). The model predicts the relative suitability of
foraging conditions for wood storks within the Everglades freshwater marshes during the
breeding season. The final step of the process is the synthesis of model evaluations of
spatial trends for wading birds and other indicators of ecological health in easily
accessible and understandable information products (fig. 4). The DSS produces weekly
wading bird reports that provide valuable information for multi-agency meetings and
completes the monitoring-management-action feedback loop. Reducing the time to
produce ecological model evaluations to a near real-time (weekly) basis increases the
likelihood that the information from the DSS reports will be used in water-management
operations and planning decision making in the Everglades.
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